A =, 1998 A4E
Korean Journal of Cognitive Science
2008, Vol. 19, No. 4, 477~497.

ZAA 71k B2 BA 52 935k BAo] A 2
o] 715X A& 71'Ye] A3t g A7

‘Q”*ﬁﬂc’ﬂ’ﬂ ol sole B2 BAME BMdle AL U ¢ $8MuaE 4EE

T e T2 92E ANER, 220 49 31 AE S gebste AL e #8¢
Yotk B =EoNE B2 BAd FAstes 23S Br Fosl R Asl 23
ol Helet MR L gof 7HEAe HBol Food viAE ¥ v F7dnh 53, 723
DA(due)7t WAE F7std FHo] ngamE B3 FAo AHE nxsetn wEA7|
o] 715A] A AHH(Corpus-specific Term Weighting, CSTW)S B 73 &7 Hed3S 4
HEr2 @k AE5E 8 E2o EAMER Y UIFAE TEsln A% EF €4

(Enhanced Mood Flow Analysis, EMFA)Y R|A|MIE)7| A 7]4F 7+ E-F{(Support Vector Machine
based Mood Classification, SVMMC)2] + 7]-11 F719d del 43S ek AFsd 24
o] n-gram@) 242 EMFASIM HA Al 73 HE A% AL HaZglon csTWe| H
£-& TRHDFU TR vlel B} 22 24 257 45< vehidth

H7atE $™ol n-gram, ©of J1Ex| AMYH, LHSEREY, XIRIHUEI(AI7]

Frol © 2
¥ 8

S
t 24

< a

02 [
pr

* BoAFE ANZAANE D FRENATASAY mAA7IeNIAe ddon £
[2008-F-047-01, Urban Computing Middleware 7|%& 7B 8ha, 3}8H7]%5(K20711000007-
0740100-00710) 2 gr=aar| e Avel A 9& wetew, 2008d % 294 BK 21 At
el 4oz HEYHFUT

t AR BAY, RSNty R mg, AP FEAA, AAoA,
23yl mfolyd, Email: myaeng@icu.ac.ke
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OIXITIE, K19 H4E

A&

E2a EAde A gl WA= sle 297t slol ol #HE
ZIfte 2 B2 BAE ERSte A2 ¢ d¥E g FAMH 29 dAS
o 882 4 ol 2 LY 77} oA Uk A F Eo] TdF I
A EO] HlE, #A4 o], PMIR §)& 7oz AAHEZASVM 71YE &
&3t BRI EAY A £FE AEske A7t ﬂ%it‘r{l} :L°ﬂ olo}, 21
A9 Betn ot 54 metslr] e Belel BR71E Adste] AT
5 298 dedoz FAske A7 ol *1554214[21.

2 AFdMe 2% 79 45 ] SE de 22 ARE Tt
A PR ES Adstn B4 #Hrkith

A, g BF e A8 §30] S ks Itk olA sentiment FA40]
g ATEB 4, 5, 1 F2 93} i T2 AF 2 T4 24 WA 2R/
& A8 wdsted 4& FUed, 4] Azl dajxe AL
T7F APEA] Fgom o] Azt A BR A% T vAe 3 o
Axe B A5E vt flrk

A, B2 4 UM FeeAAd vehde dARES A7 A
3t A2 o] 71E3R] AP S A L) 7|2 sentiment BA AT, TINAE
dolel SHENEE 3/ EFE AT ol 745A Al ol &IRAT, 4
7 A=Y o] EAlste 21 XM A4 ERce F& 4eE Y

(o]

2 A7 28 TEA(mood corpus)oll A YEhte Thded Faole] e o
= 3l g c}\_ A (w7t F3E F s 0] n-gram¥} A
2L o] 7}FA Asbge]l oRA A E£FY dT Pl AFHeR AL

dolitl &3], A2 th& A e FF BF 7oz AtE 2

39 734 58 EX(Enhanced Mood Flow Analysis, ©]3} EMFA) WPy} 2|2 ¥]Ej7)
A 71%te] 7+ B-F(Support Vector Machine based Mood Classification, ©]3} SVMMO)

of AL 7IPES Addt 1 S AT
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2] sentiment A A, G E 93 HH EMES uni-gram¥ 71_}‘%1'??}
T@C’] A2l e T bi-gramTe] AL WA 37K WMHZH, ¥4, T F
ShHE ERete 43 itk olgd Ao AFAR AFAL FEESL El—‘%)
THIME AFAQ Z1ASE7IE B 7130 sentment #Aole AR F
< 971 e 2ES U
08 dFreAe 935 df EAAA 74, xR 2 55

1l
AE sentiment F2AE A] =3l e, £3) 2H/EH)Ee] F90], uni-gram 2

N

'%5‘7‘] kARt B, AE, 2
< 4 J’ﬁ t'“?;‘ sentiment £41719) A%< Al & qokn 1&stn Yt
H] & uni-gramALATE ARSEE [5, 619 ARE kel E423 bigramS A
AHME 7| A1 sentimene 24 WP o] ABo] U] Erlm FASAR, 11 Fpole
0.01% EJEZ uu|g 3o}
Z|EATET vastq & dAFedME &

A Hloju 7119 B, B8, &F,
ok = A BR VY A4S 2= 8 4ol A 2 Nze v
o] 713X A4S sl 14 R A% 4L 24T Ao apdyolr

B2
]
[
i)
ro
=
Q

]

_,d
ofp

o,
R

J

7244 @22 (Mood Corpus)

2 AFdMe AAY B2 TEAE FEI] A FoldelM wif Bol

ojln Al “LiveJournal.com™®] B2 FAES 3 TFAE FFHAATE
o] £21 EMEL FAAEC] Z4AlY E2E ] A 132719 7 Foll
shtE AgstA Q7] Wid, 23< #31 Jde A F3d oA w¢ F-83
- AEE A3l 47FR) AFEE, €8, Bx T dssHe A S
LiveJournal®] ZF3 A&7 ZMHierarchy)VE FZ8l] FE3ta old #dst= <oF

b3

|

£

it

1z

ey

Of
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5 Z¥en Ue 14,0004 i FAE 714
A 2io] FEoE FYdte EMES F
A EAe] Zolzt uf-g golx] 71AA who]

T wEA @"‘]Zir/} o] 476
oHufstAY, F-ejulgiAl dojx TZFAd TFA7|7] olel& B EAES
Agtd, TR E 5~40EF 22 o7 £ EATE TINAT & 12 &
F3te 47 7800 242 10007 o)de] EAME FHE] Y, o 1Y Bt
203]°] ZA LiveJournal.comol M £211 #4 & £3 2 AF8 HF 45T 34
A9 74 5AE BoFth

E 1. 4Y 23X 752 S

Ist 2nd 3rd 4th 2 13th  14th e 20th  total

Happy 877 1,111 2,017 4,005
Sad 50 23 53 128 145 1,032
Angry 22 33 27 37 w280 8 1,139
Fear 8 5 2 16 202 67 33 1,032
Total 957 1,242 2,099 181 e 482 297 e 33 7,189

$go] g #4 2 F75E #4 ngram

$e7h QR ol BN $AY e o)

FA4Q FA &A= ZA 37HA]
EFHnot FHE, no FHE, never FFE7} e, TS de

ol ()~(3) k.
() I'm not happy right now.
~ (2) T have no dream and no hope.

(3) I am never good enough.

1) http://www.livejournal.com/moodlist.bml?moodtheme = 140&mode =tree
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YR S/ 48 7|8 220 M 2RE lft 280 H2| ¥ Clo] Z1SA| A el ot ofFt o

FAo1e] od 2 Y 2 Wk FEE FAHR Doty A3 AA
TES Y 239 Y& E22 EAEC sl PosHA S st B A
T dehe HHES AR AE7]E] 2obA E 29 22 ¥R AW BA
g Y53t & 7,18049] BEAa7,285709) RAE I EFDeA 371x] 2Fol
Rl #al 1270219] AEAQA siele] #HALAAT, s7He] AAGHEL, 2, 3, 6,

HAE = qig
1. AVor V + not + (ADV) + V
9075 56.51%
e.g., I do not like Mare's friends.
2. AV o V + not + (ADV) + A
1344 8.37%
e.g., I'm not happy right now.
not
3. AV or V + not + (DET) + (ADV) + (A) + N
1711 10.65%
e.g., This is not a good thing.
4 AV or V + not + PREP 887 552%
5. AV or V + not + PRO 3 0.02%
6. no + (DET) + (ADV) + (A) + N
1349 8.4%
e.g., I have no good grade.
no 7. 0o + (DET) + A 167 1.04%
8. no + COM 71 0.44%
9. no + V-ing 55 0.34%
10. never + (ADV) + V
1090 6.79%
e.g., | have never felt good.
never
11. never + (ADV) + A 36 0.22%
12. never + AV 29 0.18%
71e}b 243 151%
A 16060 100%

AV(Auxiliary Verb), V(Verb), A(Adjective), N(Noum), ADV(ADVerb),
PREP(Preposition), PRO(Pronoun), COM(COMParative degree).
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QIX|nfst, HM19H H4=

10)°] 90% ©}’¢-& A ATt

gl FARe] dolEE ZARIE 2T 160600 B F 4 17% FEute] #
AA dolaffective word)E EFSIIL AT, 74 Adnik RHE A2 #HE
B AL o 7R dYREEEHA 2A 48 BFEC] Ben, #AL E8
Ateh 2 Faoj7} g B3] HIME] AMgEe T B HelA F&stA dAs)

T HdS 2717t 44 o 8 @A olA] Xtk

mEld HE B, ¢4 52 nEske A 2o, N9 do] Foll Affective
Norms English Keywords(°] 3}, ANEW)[8} 2]2~E dojg} BAol7} I3d o7&
Zste] FTstd FEE FE5te o] o A8 Aoz EMHUH

e FHE HEE o7l A8l 4 B3l o, no, nevenst Q133 Dol ES
At MZE FholE TER Fssld, ol & "FstE ¥ ngam'SR
sttt Fste 230 ngramE T3] Aol E-80lGtop words)E A A S}
o on| gle dojd o3 Wl E WAlstn, on] e AHA dolEd Robyd
ANEW B 2Eo] Vo doj7l T FHES F2 &A=, & 32 &8
NI 10]3e] Aatstd 740l n-gramE9] o|Alo|th

X 3. YrstE £80l n-gram2| OjA|

n-gram Example Features

n=2 Not hurt, not pain, never happy, not sad, no money, no success, *-*
n=3 Not lot fun, no fun sick, not admit sad, not optimistic happy, -
n=4 Not found makes happy, never feel bitter lost, -

W33 7 dol 53] AN
47129 ZRAFHE, £, By 23

o
A AZ2E o} 7153 A E netsided,
28 7utoz FEANL & %S ALLSIEE CSTW(Corpus-Specific Term
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YR S/ 28 VIt 221 M RS 9IF R0 M| ¥ o] JISK| A 71ge| aiief et 9T

Weighting)2} 73 ¥ 5t A T
Fol21 Wold] el Welsk 247t 4379 24E ok} 2 UehfeAg <)
3l 471R19] 7}FR] Fhihappy, sad, angry, feards el 4 ok Zh A digk

W=[wl,w2, -, wil: ©o] g XE
M=[ml,m2, -+, mjl: 23 HF (& =FA j=4

ol 24 W myd el Ad 4 AT Poy|wyPm)et 2 FE9] H &2
2HE F Atk 4714 Pm|we B wE Zse %*17} A% HF molA vepd
22 458 Yehla, pm2 BA EZA FAdA 2 HF nd 7T XY
€5 9ugtt B =ReMe & g7t 5% 1% ‘ﬁ-r°ﬂ el 958 AT e
Bole A9 a%x ¥& A%E TEdA & 7‘75“%3-?- H IS E APt 59,
Aol A, A AR g SR 7 '6} AL QY| 2 gt

D dE Eof @0l wt A3 ¥HF mo} £ FRUAE 7N JAANEBA B3AD

& 29909, 3 ool AR, 0 hrestod
Plmy)
AME J1EAE 24 85 mel daND BPem, Yol 2 wFdE o
< AF3T F LEA7E d@o] 713X (Corpus-specific Term Weighting, CSTW)E
T3 2ol Atk svMMCE Ho JEA T A4 g

- 1 P{m,lw)
Ao, Tw)= —
a) EMFA 7% CSTH{w) Nx[o.o. om0
Plm,lw)
by SVMMC 2% CSTT(w)= TF, X = xmax (0.0, e’ )
N P(m,)

)

B S vedA] ¥ Atede 2E 3F d e o
opiga
1 Plmlw) Plmyhw) Plmylw) Plm,w)
{ Pim,) * Pm,) ' Plm;) ' Plm,)

e T— 1 Plmylw) Plmylw) Plmgw) Plmhw)
b SVMMC % (ST = T8, X e > Bim,)  Plm,) *Pm,)

o), N& ;P,i(mnfj‘j) olxm, 7 ool WM YAAE zebshe A4, AUS

54 723 u3e

“}04 T3} #o] 7HEAE 3

a) EMFA 7% ST {w)=

B3]
T

ek

a2 1. 283 7igt dof 7ESA|(CSTW) Y32l
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QIX|ntst, AM19H M4E

AUA JHEAe Fo7 9ol g Tt AA BRI A Fol b 4 A&
Uehlls 221 B4 £9 ¥gg A & ok Nk Nmbe 242 gol
kS EFshe AR B21 BAY $3 wo] kg TEtn W mE Uehle &
21 A9 FE 9u|gt)

Nyagps®) N ®) N, K) - Ny, (R)

“Tangry

Term Weight, = RO R O 0)

AT, o] WHTe B2 E 4749 Y WHF F Mg FEHAle & A9 2
< FEWL ol Aol FrElAe wWolg Zau Yol FFF 7tEXE
AR Qsta, B =BdNE 2712 744 W3 negative®} non-negative)E 9] 5}o]
7HEEl emotional salience1018] 7Hd-2- 471X 733 3ol - A L3 CSTW
& AL Y 1) ol 53 A% MFA 458 +AS AEgFs Hole A
T+ 284 ¥ 752 vHo] EMFASH SVMMCe]| ApdA oz 2 g3ttt

Aze 74

a3 2014 B § %], AA e AA v AR UE F ok B2
I FAM7F EoleW, Al2Hle AAe S Fold F FFY E M dasification)
Bflel] 2 2 Efearures) S A FTE A HAelle L8R A, B8] A
A, oAdo] Aejint ohlgl o] RE] E(emoticon), ko] T o] EZI1A AF
2ol B4 Hd Al Gol XAk FAE A dAIAE oo Mgt 7]
5 e WY 2P A 71%PADd o3 FAHE Al cSTw el A&
T Atstd 740l ngram 718 A))o] Ak wpx|gt A A= 2719 &
F ZEo Z47t Foid B2 BAY #HE E/8] Hstd AHgEh ofd
dMe AM-E ¥ E Al 71& 2 EMFAS} SVMMCe]| thsf ZpAlls] A @it
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YRE 5/ 4 7I8 221 M 2RE 2IF 2B M2l | Hof 715X &8 7|ge| 20i0 ot HT

SVMIjEE
dPER

A
f' TF, TFYIDF, CSTW |
a8 2. AlAH 22X

2 Axde] 23E A2l PADS| % FHE A2l AFHE 24| ngram
P VIS AgSR Azl @ AT Ae Tt 2ok

PAD| °o]& FAHE Az

ANEW 2]2Eod|& 10009 7}e] F8 o7t =9 led 2zt dis)
P(pleasure-displeasure), A(arousal-nonarousal), D(dominance-submissivensss)®] 4| 7}x] HE
of thg Fol 22 Atk o] FEL 1~10 Ale]o] Sl PADZIHR HH BR/RE
A3l -1~1 2AL 2 SN F Utk w2y EAd 7o A 2t &
o7} ANEW 2] AEo] ERghe 7, o] PAD <] dF S/d(polarity) 3|7
A 5ol Azt 7bssiA ok

PADZYl| 719tk 2 E/E S8l 11418 Fxst] & 48 #4E F e, o
T 71 2T A4 dis] pADES 93 Aotk o|E 7|wew 54
A W3 &3hs do] PADYES] 34 S 74 1 T EE Ags & 2,
& B(happy) Tt £Fsad)dl] |G TdolE FA whdule] faEFoH, tE Y
TFIIME B 0FE TAAAT Eilngy)t T2l &feandl ot TolE9
= 34 T F PADZE A | e AR ©olEd] AAEE Eol=

ox.
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QIX|TFE}, HM19¥ M4z

E 4. PADZl0l Zigtst 24 2R/ 7IE

Mood P value A value D value Example words
Happy + + or - -or + Hope, joy, love, etc.
Sad - - - Alone, depressed, etc.
Angry - + + Anger, dirty, etc.
Fear - + - Cancer, disaster, etc.

2 LFE IMIE Z2HE Yol #4o] AE A% I A vt

PR-2F 9 4 wsdlM o] 239 PADSA A HPE &= ), P A
o 34 W] FEF AFHE JHARer, D SAHE WHske AL VE F
d EF dee Avros dojmele RS Yt wEA PADZIN ¥4
of AolXE ANEWZ 2B PEI} SFo] #Fshe ©olE ol no/never/nor
T 740 vehd Z$ 289 P} A9 gt dZH oz HAAZTKIR 4). °f
A B8 HHZ A F FoiR DM B 5 HEAE FHe AHE 4
F #e=z AAssch

Aitatd 530 ngramE T FHE A¢

# dolg E¥ele EE FAE HEe BT £Ae Qo] Fstd ¥
Aol n-gramO.2 VEbd & ¢t} 0] nord EFI} bi-gramQl “not good”d} 2
7% “not_good”2. 2 A3} 3l shte] £HE AR AFE F U wEA
Ateld 3ol ngram® TF, TFDF, 18|21 ol AHg csTWe 2 tol
7FeRA AsbEdA shtel AdzA e 43S 3tk PADY] <& B EAE Y
o] EMFASIT AME-HEH Wi, H 718t n-gram 718F BHE Az WPEE STW
o] A-&xjo] EMFAS} SVMMCH] ko] AL&-®r}.

delEl 24d 58 M (Enhanced Mood Flow Analysis - EMFA) 7|

718 AFdMe E2a A EAlske o8 ©E Alold] Y wsE #F
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SRE S/ 2Y 7li 820 BM 2RE QT REO M2| ¥ OO 71EX B8 742 2ai0] gt o

3}7] 913}, ConceptNet[1139] )& GuessMood?] 4% WA I} ANEW Z|AEE o]
&8 24 3§ 1:')“7](Mood Flow Analyzer-MFA)217} 719l 7Z4std 744 &
§ EA7IEMFAIME BHES 77 9ste] PADY o3 RAo] A2l FF
3td #3o] n-gram$ %z& nAol e WS STWE 53 Frieigch =
EMFAE 7|Wteg 2719 A2 tg F4o A S H2E ofla, 1 Ads
7oA AE] dwgitt

e 5.5 EX71MFA)

MFARIE €20 A5 47 719 2oz Us & 98 4 Exjste v
o] 544 met AFH AAg AR} 72 £ £Y DA s, PAD EE
FAE GuesMood & 3 79 ¥HH-S MEsty] 8t ZAAA wole ANEE A
ghek 1A dole] At QAKS, 3 You PAD RES AYdla, x| ¢
o9 GuessMood WS Agdct 4 dete] P EMAT= e Wolg xefst
o % B2 #A49 HF 2 < AAsted AHEETh

a9 3 B2a9 dehg J¥oz s pADY|NIY 7MY WY REEN B
2 & siddte ANEWZ|AEQ dojo] disiAt Pt Al SAE WHHAIA
FAEE APt 18 4 STW 7|8 do] 715 Adsted o] A st
H F40] ngram?] 3} PAD7I¥ES] 7Y Wk BES 7FX AL o] %A
FFIEHEA BAEt) o5 4¥8AFAE & 54 AHE & Stk

=

£ o

T

3" GuessMood

71Ee] A AdAXY 7S A3t AS- “We are stuck in the dormitory
becanse of big snow” S} o] A ol 7} e B YalMde 43S HBdsly)
gt ojgld BAE Ryl 8, ConceptNerd] 44 WEHAEZ o] &ate
GuessMood & AH8E & Qlth B =FdAe 7] F+5E GuesMood 8429 7|
A AET A &3E 93l Open Mind Common Sens(OMCS)12} "33 2 F-E]
AL x3ete EAE FE3A, o]F 72 ConceptNer HIo|HE Al FA 8IS
th ol& 8, U Ekman9] 73 @] H2E[3N) FAE ANEW 22Ed] 9}
t A3 dolg Iske £4S FE39n, 28F <ol AR A e &
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eIx[ntet, AM19H M4E

B2 BM9 wE
: happy, sad, angry, fear 5 3P} 73
Az}
Zr A MR W W, W Wi Wed A
PAD 7}EX] ¥4 SUMs SUM,, SUMpE Aol
debdol Uehd ANEWRAES] THE Canew A
1. SUMp, SUM,, SUMp, Caxew, Wi W5, Wi, Wy 2713}
2. @l 2+ &7 el
7+ 23 ol dole dig
If (@A ©o]7} ANEWZ] 2Ee] &)
SUM, += 3 thol9] Pleasuredt
SUM4 += & o9 Arousal Zk
SUMp += 8 ©o]9] Dominance &t
Else If (BA) o} goll F3ol) and
@Adol7t ANEWE] 2Eo]| Z3) and
(o7t 5 or £FA Z)
SUMp += & T0]9] Pleasure gt * (-1.0)
SUMy += &8 o] Arousal gk * (-1.0)
SUMp += & o}9] Dominance gt

LA
LU

SU;’I[,,«—SUA[P,SUJI[J SUM | sl SUM |,
Cyxew T Civer Cixeir

If SUMp >= 0 and SUM, >= 0)
Wnh +=1

Else If (SUMp < 0 and SUM,; < 0 and SUMp < 0)
Ws +=1

Else If SUM, < 0 and SUM, >= 0 and SUMp > 0)
Wi +=1

Else If SUMp < 0 and SUM, >= 0 and SUMp < 0)
Wr +=1

3. W, Ws, Wy, Wr 3 HUIZEE Ad 72 qist

12 3. PADZiet 24 Ect 3 RHE X2



IR 5/ 2 718 220 BM 2RE flet 80 M2l ¥ HY 718K A8 71He| anfe oigt o7

Qe g2 49w
%9 happy, sad, angry, fear 3 s} 73

Sy=[H, 5, A, F]: 2 288 73R &) wg
L Wu Ws Wi W 002 27)3}
wehy 7 24 el
7 24 1 dojo] s
If (AR Dolw)7} ANEWE]AE] &)
Syt= CSTTHw)
If (§7EE 240l ngame] ZA)
Sy+= CSTWATHE LA n—gram)
5 Wi Ws W We 3 AUIGEE AW 24w

a8 4. £8of X2l =ekst CSTW Al

A% AR e Ul e 4% XFE] Aste, ConceptNerd] 2
4 UESZE Fa 24 Dol ez ddd $2E FEKITE ol#A
A7/ ConcpetNer HO|EIE ] &3t GuessMood?] -8 Sthalslr] S &
2 UESAZY WF A2 7H5A(linkage weighy S Fe]2E A A4Bs &
A7IMe FHE Adle nfskA deth

743 BA7)(Mood Resolver)

ghek B2 BA oA o] ¥} glo] SR8k, 2 AR REL ¢
A& AZstn AF 292 FAE e Aok A DA 2
o7t ANe A% v AXNE nde F2EG /HEAE FoishA dok
2 B2 79k Sl “%‘% B3le], B9 Zxdol & wid. A
& oAt Behel FElaE 7bEA@a=2, B=7, y=8, 6=5% AUTKH

1 e B r&‘i

it
Job

A\
-~
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QIX|TtE, H19¥ H45

dg: zt gl g 2 24 A 9
(ell, HappyZHA A<, SadB A A, AngryZHH AT,
FearZH 8D
29: happy, sad, angry, fear 3 31te] 23
Az}
WG=[1111]: 2% 92&$ 948 713X
WE=[a f76]: 92 222 A9 244 /43X
Sy=[H, 8, A, F,]: 2 239 712 3o ug
1. Hy S Aw F. 2 022 27[3}
2. B2 B 7 @t g
If @ 9o Zzrt s

Sy += WE,
Else
Sy += WG,

3. Hy S Aw Fo 3 ZU3E Ad 24 wigd

13 5. Mood Resolver &%

SVM 7|gt 2+ 25 (SVM based Mood Classification - SYMMC)

SYM 719 7 B5 REQ 7EL d8) B AgelME svM B¢ shual
SVM ligh AV, B20e] B4 B WY s da 2A 57
259 AREEH0] B8 Ushie 24 o), 22E ©o|, o|REE, 54 )
%, 293 At 280 ngam@ ALAAT E, 1EA AN Be §
£4€ stoliy] 98, TF, TPHDE, 183 2 =2olA AR TW Wy e 2
2 Hgato] SYMMCE Hl~E3kith A3k SYMMCS] Algels A g

2) http://svmlight.joachims.org/

- 490 -



E Follde gA Ate £gol Her|Y& TFHDF, TF 123 CSTW 7H3A]
A So] NuRoz Ag3 Ao AE Auach Y s ALed
BAE 3N 7168 28 w2a 70009 o] BA 2 MEE & 4303700}
(happy: 1,125, sad: 1,031, angry: 1,036, 12|31 fear: 1,011). Zt 7+ ¥F HE 1000
of 7 olde] BAME 23] s, 40009 A7t de B5 EF r,ﬂs]]/qu} 1000
o NE d92 Agsta, UdA 23 BFEC dailMe 23 289 A
Uz Ae7)s slach B2 EAY 7R 2a3E B sdiog X—‘va;l_ﬁ‘}
Sohe FAAY, 2Rl RE olvlA T U 5o Aulzd ¢

47V e st

EMFA2| 413

M

g 3

CSTWE 483t EMFAS] 73"?“’“ , 2-gramol|A] 4-gram©. 2 A} s
E & 99
98

&
A A BR e Fde A
22}Q1%l MPAF-Z] AEl BE g5 HIgiA STWE 283 EMFA
9 718 AR L % 10% & F5E Bk o] e FAo] Ale @¢d ut
2 oo v @old FE 1 SS9 I A7) R
3 W EAstke ol AR 3R 2ol aslm BF et 4%E E AL
2 4% He dH 2E7A &% n2dte Aol 7‘78 THE AT e A2
Z nste o] & BAE & Fistd F40] ngrand ANEWEZ|AE
o] dolEo] RHole Afst a7 EAe 2 %‘—’Fi Uehlie F2 A=A
7 BEe] Aed 93e n)i Aotk
AR, 2o At 3 Tgol HUY R ohinh. pAD7|NN Y &
Z1gelM @3] A4S WA e At eg oF 281% EAES] AF
AL BolZl PRI, ole 47K ZAHE BT QoA P HolAle X1
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B 5. EMFA &8 84

EMFA EMFA EMFA EMFA EMFA
Mood MEA (PAD7I¥E  (CSTW) (CSTW (CSTW (CSTW
(baseline)
BARo)AE])  defauld -2gram) -3gram) -4gram)
Happy 974 951 1117 1116 1119 1119
(1125) 8656%)  (8451%)  (99.26%)  (99.17%)  (99.44%)  (99.44%)
Sad 448 605 517 552 ¢ 658 738
(1031) “345%)  (58.68%)  (50.15%)  (53.54%)  (63.82%)  (71.58%)
Angry 718 718 954 968 1020 1046
(1136) (63.20%)  (63.20%)  (83.98%)  (85.21%)  (89.79%)  (92.08%)
Fear 659 646 636 635 709 762
(1011) (65.18%)  (63.90%)  (6291%)  (6459%)  (70.13%)  (75.37%)
Total 2788 2920 3224 3289 3506 3665
(4303) (65.04%)  (67.95%)  (7492%)  (1643%)  (Bl47%)  (85.17%)
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ctho] 7KSA] AlLtg XEAl9l Z1t
SVMMC (TF)

E 6. 02

Mood SVMMC (TF*IDF) SVMMC (CSTW)

Happy (1125)

1075 (96.56%)

1086 (96.88%)

1091 (97.12%)

Sad (1031)

810 (78.56%)

849 (82.35%)

854 (82.83%)

Angry (1136)

1036 (91.20%)

1067 (93.93%)

1092 (96.13%)

Fear (1011)

839 (82.99%)

853 (84.37%)

842 (83.28%)

Total (4303)

3760 (87.40%)

3855 (89.62%)

3879 (90.18%)
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(Abstract)

A Study on Negation Handling and Term Weighting
Schemes and Their Effects on Mood-based Text

Classification

Yuchul Jung Yoonjung Choi Sung-Hyon Myaeng

Information and Communications University

Mood classification of blog text is an interesting problem, with a potential for a variety
of services involving the Web. This paper introduces an approach to mood classification
enhancements through the normalized negation n-grams which contain mood clues and
corpus-specific term weighting (CSTW). We've done experiments on blog texts with two
different classification methods: Enhanced Mood Flow Analysis (EMFA) and Support Vector
Machine based Mood Classification (SVMMC). It proves that the normalized negation
n-gram method is quite effective in dealing with negations and gave gradual improvements
in mood classification with EMFA. From the selection of CSTW, we noticed that the
appropriate  weighting scheme is important for supporting adequate levels of mood

classification performance because it outperforms the result of TF*IDF and TF.

Keywords : Mood Classification, Normalized Negation N-gram, Weighting Scheme, EMFA, SVMMC
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