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Abstract With advances in topic detection and tracking(TDT), automatic trend analysis from a
collection of time-stamped documents, like patents, news papers, and blog pages, is a challenging
research problem. Past research in this area has mainly focused on showing a trend line over time of
a given concept by measuring the strength of trend-associated term frequency information. For
detection of emerging trends, either a simple criterion such as frequency change was used, or an
overall comparison was made against a training data. We note that in order to show most salient
trends detected among many possibilities, it is critical to devise a ranking function. To this end, we
define four properties(change, persistency, stability and volume) of trend lines drawn from frequency
information, to quantify various aspects of trends, and propose a method by which trend lines can be
ranked. The properties are examined individually and in combination in a series of experiments for
their validity using the ranking algorithm. The results show that a judicious combination of the four
properties is a better indicator for salient trends than any single criterion used in the past for ranking
or detecting emerging trends.

Key words : Trend Detection, Properties of Trend Lines, Trend Ranking
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